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Computation of Chinese Smile with* Xiang”

LIBin', YU Li-li*, SHI Min", QU We-guang’
(1. School of Chinese Language and Literature ,Nanjing Normal University , Nanjing, Jiangsu 210097 , China;
2. Department of Computer Science ,Nanjing Normal University , Nanjing , Jiangsu 210097 , China)

Abstract : The computation of metaphorsin Chinese is certainly a chalenging issue. Smile, with an obvious mark
word, isa good start for automatic processng of metaphor. This paper is focused on automatic identification of
Chinese smile phrases with the word* xiang”. Altogether 1586 sentences containing’ xiang” arefirst retrieved from
the corpus and manually tagged and analyzed. Then the Maximum Entropy Model is applied to detect the smile
meaning of* xiang” resulting in a F-score of 89 % inopen test. Findly, Conditiona Random Fields (CRFs) Modd is
used to identify tenor , vehicle and smilarity in the simile, achieving an acceptable Fscore of 73 %, 86 % and 83 %.
Key words: computer gpplication; Chinese information processng; metaphor computation; smile; smile identification
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